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Genetic Algorithm for Scheduling Problem of Cooperative Tasks

O Yukie NAGAI

Ken TOMIYAMA: Aoyama Gakuin Univ.

Abstract — In this paper, genetic algorithm (GA) is applied to a scheduling problem of cooperative tasks by
multiple robots. At first operations for objects are scheduled. Then the operations are shared with multiple
robots, and each robot puts into order the shared operations.
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* Series Scheduling  (Single robot)
* Parallel Scheduling (Infinite numbers of robots)

* Allocation of Operations to Multiple Robots
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Fig. 1 : Scheduling Algorithm for Co-
operative Task
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2.2 Production Requirements Scheduling
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Fig. 2 : 2D Block Placement Problem
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